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8| Matching step: for an instance of a human model

assigni to the anthrepometric landmarks the position
that is the most compatible with the learned
Information.
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PAlvisesviarkoy: Random Field

Likelihood that landmark |,
correspond to a given

position on the surface

Compatibility between
the Positions of
landmark pairs

The joint probability represented
by a pairwise MRF:
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[ earningesi ne we parameters of the
roBaNIH ted to the MRE.

= Probabilisticiinference step: Assign to each landmark
B the position| that maximizes the joint probability
defined by the MRE
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Spatial relationship between landmarks

IS a gaussian distribution of the
relative position of landmark /;
with respect to landmark /..

Structure of the landmark graph
(73 landmarks) L
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Maximizing the probability function:

P(L) = él_[ ¢1(]1)H !//1_](]1’ ]J)

through message passing:

mit'(1,) = Z¢(J v, (1,1,) T]m. (1)

keN(i)-{Jj}

b(1,) = k(1) [] m,;(1,)

JenN(i)

Attribute to each landmark the position that has the highest belief
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concusiIon and ™ =uture work

e

OUIgAPProacn locateES a Jrnry Aumber of
gnnepemEtIc Iandmarks without placing markers
onralifthesmeasured individuals witch is useful for
future. sio) rlmrnuoomerr‘ data collection.

IThe client results caniloe improved by:

ldentify /m, automatically the most correlated pairs of

ANAMarks.

m Developing surface descriptors that are posture and
resolution nvarlaﬁ

m Use of geodesic distance to characterize the spatial
relationship between pairs of landmarks.
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